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1
SYSTEM AND METHOD FOR ADAPTIVE
VECTOR SIZE SELECTION FOR
VECTORIZED QUERY EXECUTION

TECHNICAL FIELD

The present invention relates generally to database sys-
tems and methods, in particular embodiments, to a system
and method for adaptive vector size selection for vectorized
query execution.

BACKGROUND

Vectorized query execution is a significant performance
improvement on current row pipeline execution engines,
which are used by some traditional databases. In the tradi-
tional pipeline execution engine, the data unit between each
iterator is a row, while the vectorized query execution uses
a vector. A benefit of using a vector as a data unit is to
amortize the per-row overhead to a vector of rows. One key
factor of vectorized query execution is the vector length or
size, where both too small and too large sizes can hurt
performance. In general, the larger the vector size, the more
per-row overhead can be amortized leading to better perfor-
mance. However, a larger size vector needs more memory to
store it, which can incur cache misses and hence hurt
performance. There is no unique best setting for vector size
as it is also related to the query and hardware settings. The
optimal length can be different for different query and
different hardware settings. For example, a larger L1 cache
allows a larger size vector. There is a need for a method that
selects the optimal vector size for performance according to
software and hardware needs.

SUMMARY OF THE INVENTION

In accordance with an embodiment, a method for adaptive
vector size selection for vectorized query execution
includes, determining at a query planner module a vector
size suitable for a query plan tree during a query planning
time, monitoring at a query execution engine hardware
performance indicators during a query execution time for the
query plan tree, and adjusting the vector size according to
the monitored hardware performance indicators.

In accordance with another embodiment, a method for
adaptive vector size selection for vectorized query execution
includes collecting, at a query execution engine, processing
unit counters during a vectorized query execution for a
query plan tree, modifying a vector size for processing
vectors of the vectorized query execution according to the
collected processing unit counters, and upon determining
satisfactory performance or timing out of the vectorized
query execution, determining whether the modified vector
size is substantially different than an initial vector size used
at a start of the vectorized query execution. The method
further includes, upon determining that the modified vector
size is substantially different than the initial vector size,
sending the modified vector size to an optimizer for execut-
ing subsequent query plan trees similar to the query plan
tree.

In yet another embodiment, an apparatus for adaptive
vector size selection for vectorized query execution includes
a processor and a computer readable storage medium storing
programming for execution by the processor. The program-
ming includes instructions to collect processor counters at
run-time during a vectorized query execution for a query
plan tree, modify a vector size for processing vectors of the
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vectorized query execution according to the collected pro-
cessor counters, and upon determining satisfactory perfor-
mance or timing out of the vectorized query execution,
determine whether the modified vector size is substantially
different than an initial vector size used at a start of the
vectorized query execution. The instructions further include,
upon determining that the modified vector size is substan-
tially different than the initial vector size, selecting the
modified vector size to start executing subsequent query
plan trees similar to the query plan tree.

BRIEF DESCRIPTION OF THE DRAWINGS

For a more complete understanding of the present inven-
tion, and the advantages thereof, reference is now made to
the following descriptions taken in conjunction with the
accompanying drawing, in which:

FIG. 1 illustrates an embodiment method for query seg-
mentation and initial vector size setting.

FIG. 2 illustrates an example of a plan segmentation.

FIG. 3 illustrates an embodiment method for adaptive
vector size selection in execution time.

FIG. 4 is a block diagram of a processing system that can
be used to implement various embodiments.

DETAILED DESCRIPTION OF ILLUSTRATIVE
EMBODIMENTS

The making and using of the presently preferred embodi-
ments are discussed in detail below. It should be appreciated,
however, that the present invention provides many appli-
cable inventive concepts that can be embodied in a wide
variety of specific contexts. The specific embodiments dis-
cussed are merely illustrative of specific ways to make and
use the invention, and do not limit the scope of the invention.

System and method embodiments are provided for adap-
tive vector size selection for vectorized query execution. The
adaptive vector size selection is implemented in two stages.
In a query planning stage, a suitable vector size is estimated
for a query, e.g., by a query planner. The planning stage
includes analyzing a query plan tree, segmenting the tree
into different segments, and assigning to the query execution
plan an initial vector size to each segment, for instance based
on an empirical formula. In a subsequent query execution
stage, an execution engine adjusts the estimated value to
improve performance. In the execution stage, the query plan
execution is started with the estimated vector size of the
planning stage. The vectors in the first several execution
rounds are used for testing by trying different vector sizes
and observing related processor (or CPU) counters to
increase or decrease the vector size, and hence achieve an
optimal size.

In the planning stage, the planner can analyze a query
(execution) plan tree, split the tree into different segments,
and assigns an initial vector size based on an empirical
formula to each segment. For instance, when the planner
gets the query plan tree, the planner splits the plan tree into
segments, where the boundaries between segments can be
decided by any adjacent non-pipeline iterators in the plan
tree. The planner then decides one a best or suitable vector
size for each of the segments.

FIG. 1 shows an embodiment method 100 for query or
plan segmentation and initial vector size setting. The method
100 is implemented in a planning stage prior to the query
execution stage and may include generating the query
execution plan. At block 110, a vectorized planner generates
a plan tree 104 for a query 102. At decision block 120, the
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method 100 (e.g., the planner) determines whether the query
is a relatively short query. If the query is a short query, then
the method 100 proceeds to block 125, where a default
vector size is used for the final plan tree 108. This check for
“short running query” is to prevent regressions on small
queries. Otherwise, the method 100 proceeds to block 130,
where query plan segmentation is implemented to provide a
segmented plan tree 106. Next at block 140, a best or
optimal vector size is calculated for each segment of the plan
tree based on feedback and/or empirical formula to provide
the final plan tree 108. The feedback may include previously
determined and used vector sizes for similar query plans,
segments, hardware, or combinations thereof.

FIG. 2 shows an example of a plan segmentation 200. The
plan may be segmented during the planning phase, for
instance as part of the method 100. The plan is split into four
segments by the two non-pipelined iterators 13 and IS
according to Table 1 below. The iterator 15 is also a join
point, where each branch corresponds to a different segment.
Table 1 illustrates some characteristics of some exemplary
iterators that can be used for a plan tree for query execution.
The integer N represents the vector size. For the attribute
“Pipelined”, “No” means that the corresponding iterator
may not consume all output of a child iterator before the
iterator can output. Pipelined iterator examples include scan,
stream aggregation, filter, adapters, and others. Non-pipe-
lined iterator examples include hash aggregation and hash
join (or hash join build if hash join is split into build iterator
and probe iterator). The four segments of the plan in FIG. 2
include segment 1 (with 11, 12, and I5), segment 2 (with I1,
13 and I5), segment 3 (with 14 and I5), and segment 4 (with
13, and 14).

TABLE 1
Characteristics of plan iterators.
Output Other
Tterator Input Size Size Processing Size overhead Pipelined
11 N N P1 0 Yes
12 N N 0 02 Yes
13 N N P3 0 No
14 N N 0 04 Yes
15 2*N N P5 (e8] No

In an embodiment, the memory usage of each iterator can
be based on a formula such as:

MemoryUsage(iterator)=InputSize+OutputSize+Pro-
cessingSize+Overhead.

ey
According to the formula, the child iterator’s output is the

current iterator’s input, so the overall memory usage of a
segment of iterators may be:

SegmentMemoryUsage(iterators)=InputSize+SUM
(OutputSize+ProcessingSize+Overhead).

@

To achieve the best or optimal performance, the best or
optimal SegementMemoryUsage value may be less than the
L1 cache size, if possible. If not, the value can match to the
smallest possible level of cache. Based on the above for-
mula, the initial vector size BestFitSize can be determined.
The vector size can be at least some value (constNumber) to
amortize the cost of per row overhead. Hence, the final
format may be as follows:

BestVectorSize=MAX(constNumber,BestFitSize). 3)

In above formula (1), there are some planner estimated
memory usages, such as the hash table size. If the hash table
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turns out to be larger than the estimated size, the query
execution with the current estimated vector size may end up
thrashing the caches. Thus, some execution stage feedback
is needed to monitor performance characteristics during the
execution stage.

FIG. 3 illustrates an embodiment method 300 for adaptive
vector size selection in execution time. The method 300 is
implemented in an execution stage following a planning
stage, e.g., after implementing the method 100. The method
300 includes tuning or adjusting an initial vector size, e.g.,
selected in the method 100 (during the planning stage),
according to the processor or CPU execution time feedback.
The CPU building counters (PMC) are used to provide
feedback for execution performance. There may be several
counters (e.g., hundreds of counters) that can be monitored
for this purpose. Table 2 below shows some selection of the
counters that can be monitored, for instance.

TABLE 2

CPU counters that can be monitored during executing stage.

CPU Counter Meaning

L1D.miss L1 data cache miss
counter

L2.miss L2 cache miss counter

LLC.miss Last level cache miss
counter

Instructions Instructions retired

Cycles CPU cycles

When a vector size N is too large for executing a query,
higher cache misses are expected, but fewer instructions
may be retired. When the vector size N is too small for
executing the query, less cache misses are expected, but
more instructions may be retired. Therefore, the rule adopted
for vector size tuning is to increase the vector size until
excessive cache misses are observed. To reduce cache
misses, the vector size is decreased if the cache misses can
be reduced. For example, a step unit for increasing or
decreasing the vector size may be set to 10% of current size.

At decision block 310, the method 300 (e.g., during the
plan execution) determines whether the query is a relatively
short query. If the query is a short query, then the method
300 proceeds to block 315, where the optimization process
(or the method 300) is ended. This check for “short running
query” is to prevent regressions on small queries. Otherwise,
the method 300 proceeds to block 320, where the CPU
counters for several vectors are collected. Next at block 330,
the vector size is modified based on the collected counters
status. The size may be increased unless the counters indi-
cate a decrease in performance (in comparison to previously
collected counter status). If performance is decreased, the
size is decreased to increase the performance. At decision
block 340, the method 300 determines whether the perfor-
mance (based on the monitored counters) is sufficiently good
or whether the monitoring times out. The method 300
returns to block 320 to continue monitoring the counters and
modifying the vector size accordingly until any of the
conditions in block 34 is met. The method 300 then proceeds
to decision block 350, where the method 300 determines
whether the modified vector size is substantially different
than the initial value (e.g., from the planning stage). If the
modified vector size is substantially different than the initial
size, then the method 300 proceeds to block 360, where this
information (with the modified vector size) is sent to the
optimizer. Otherwise, the method 300 proceeds to block 315
to end the optimization process. The optimizer can then
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adjust the vector size accordingly, e.g., for the next round of
the query run. Thus, the vectors processed in subsequent
similar query plan executions may use the modified vector
size.

Below is an embodiment algorithm (e.g., in C program-
ming) for adaptive vector size selection in execution time.
For example, the algorithm can be implemented as part of
the method 300.

/% nit */

#tried = 0;

C1 = #cycles by setting N=1.1 * N;

C2 = #cycles by setting N=0.9 * N;

Increase = C1 < C2 ? true : false;

/* tuning loop */

collect CPU counters for several iterations;

if (#cycles < previous #cycles) /* better performance */

9 if (increase &&
#insts < previous #insts) /* verify desired effect */
N=1L1*N;

if (lincrease &&
#cache.miss < previous #cache.miss) /* verify desired effect

- BEN G VRN NSV SR

*/
N = 0.9*N;
if  (#tried++ < 10 && N != previous N)
goto 6;

return; /* done */

FIG. 4 is a block diagram of a processing system 400 that
can be used to implement various embodiments. For
example, the processing system 400 may be part of or
coupled to a network component, such as a router, a server,
or any other suitable network component or apparatus.
Specific devices may utilize all of the components shown, or
only a subset of the components, and levels of integration
may vary from device to device. Furthermore, a device may
contain multiple instances of a component, such as multiple
processing units, processors, memories, transmitters, receiv-
ers, etc. The processing system 400 may comprise a pro-
cessing unit 401 equipped with one or more input/output
devices, such as a speaker, microphone, mouse, touchscreen,
keypad, keyboard, printer, display, and the like. The pro-
cessing unit 401 may include a central processing unit
(CPU) 410, a memory 420, a mass storage device 430, a
video adapter 440, and an I/O interface 460 connected to a
bus. The bus may be one or more of any type of several bus
architectures including a memory bus or memory controller,
a peripheral bus, a video bus, or the like.

The CPU 410 may comprise any type of electronic data
processor. The memory 420 may comprise any type of
system memory such as static random access memory
(SRAM), dynamic random access memory (DRAM), syn-
chronous DRAM (SDRAM), read-only memory (ROM), a
combination thereof, or the like. In an embodiment, the
memory 420 may include ROM for use at boot-up, and
DRAM for program and data storage for use while executing
programs. In embodiments, the memory 420 is non-transi-
tory. The mass storage device 430 may comprise any type of
storage device configured to store data, programs, and other
information and to make the data, programs, and other
information accessible via the bus. The mass storage device
430 may comprise, for example, one or more of a solid state
drive, hard disk drive, a magnetic disk drive, an optical disk
drive, or the like.

The video adapter 440 and the I/O interface 460 provide
interfaces to couple external input and output devices to the
processing unit. As illustrated, examples of input and output
devices include a display 490 coupled to the video adapter
440 and any combination of mouse/keyboard/printer 470
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coupled to the I/O interface 460. Other devices may be
coupled to the processing unit 401, and additional or fewer
interface cards may be utilized. For example, a serial inter-
face card (not shown) may be used to provide a serial
interface for a printer.

The processing unit 401 also includes one or more net-
work interfaces 450, which may comprise wired links, such
as an Ethernet cable or the like, and/or wireless links to
access nodes or one or more networks 480. The network
interface 450 allows the processing unit 401 to communicate
with remote units via the networks 480. For example, the
network interface 450 may provide wireless communication
via one or more transmitters/transmit antennas and one or
more receivers/receive antennas. In an embodiment, the
processing unit 401 is coupled to a local-area network or a
wide-area network for data processing and communications
with remote devices, such as other processing units, the
Internet, remote storage facilities, or the like.

While this invention has been described with reference to
illustrative embodiments, this description is not intended to
be construed in a limiting sense. Various modifications and
combinations of the illustrative embodiments, as well as
other embodiments of the invention, will be apparent to
persons skilled in the art upon reference to the description.
It is therefore intended that the appended claims encompass
any such modifications or embodiments.

What is claimed is:

1. A method for adaptive vector size selection for vector-
ized query execution, the method comprising:

during a query planning time, at a query planner module,

generating a query plan tree;

splitting the query plan tree into a plurality of segments;

calculating an initial vector size for each of the plurality

of segments;
assigning a vector size to each of the plurality of seg-
ments, wherein assigning the vector size to each of the
plurality of segments comprises assigning the initial
vector size to each of the plurality of segments;

during a query execution time for the query plan tree, at
a query execution engine, monitoring execution per-
formance; and

adjusting the vector size vector size according to the

monitored execution performance.

2. The method of claim 1, further comprising:

calculating an initial vector size for each of the plurality

of segments during the query planning time;

wherein assigning the vector size to each of the plurality

of segments includes assigning an initial vector size to
each of the plurality of segments.

3. The method of claim 2, wherein calculating the initial
vector size comprises calculating the initial vector size
according to an empirical formula or according to optimized
vector sizes for similar query plans, segments or combina-
tion thereof.

4. The method of claim 1, wherein adjusting the vector
size during the query execution time includes trying differ-
ent vector sizes and observing related processor counters to
increase or decrease the vector size.

5. The method of claim 4, wherein the vector size is
increased until cache misses exceed an acceptable cache
miss threshold; and wherein the vector size is decreased
when instructions retired exceed an acceptable instructions
retired threshold.

6. The method of claim 1 further comprising sending the
adjusted vector size to an optimizer for executing subse-
quent query plan trees similar to the query plan tree.
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7. The method of claim 1, wherein the query plan tree
includes a plurality of pipeline and non-pipeline iterators,
and wherein the query plan tree is segmented at each
non-pipeline iterator.

8. A method for adaptive vector size selection for vector-
ized query execution, the method comprising:

collecting, at a query execution engine, processing unit

counters during a vectorized query execution for a
query plan tree, wherein the query plan tree is split into
a plurality of segments;

calculating an initial vector size for each of the plurality

of segments;
assigning a vector size to each of the plurality of seg-
ments, wherein assigning the vector size to each of the
plurality of segments comprises assigning the initial
vector size to each of the plurality of segments;

modifying the vector size for at least one of the plurality
of segments according to the collected processing unit
counters;

upon determining satisfactory performance or timing out

of'the vectorized query execution, determining whether
the modified vector size is substantially different than
an initial vector size used at a start of the vectorized
query execution; and

upon determining that the modified vector size is sub-

stantially different than the initial vector size, sending
the modified vector size to an optimizer for executing
subsequent query plan trees similar to the query plan
tree.

9. The method of claim 8, wherein modifying the vector
size for at least one of the plurality of segments according to
the collected processing unit counters comprises:

increasing the vector size until cache misses exceed an

acceptable cache miss threshold; and
decreasing the vector size to reduce the cache misses.
10. The method of claim 8, wherein modifying the vector
size for at least one of the plurality of segments according to
the collected processing unit counters comprises:
upon detecting more cache misses than an acceptable
cache miss threshold, decreasing the vector size; and

upon detecting more instructions retired beyond an
acceptable instructions retired threshold, increasing the
vector size.

11. The method of claim 8 further comprising:

determining whether the query plan tree is a short tree that

includes less than a pre-determined number of iterators
or segments; and

upon determining that the query plan tree is a short tree,

skipping the vector size modification.

12. The method of claim 8, wherein calculating the initial
vector size for each of the plurality of segments-comprises
calculating the initial vector size according to an empirical
formulation or according to optimized vector sizes for
similar query plans, segments or combinations thereof.

13. The method of claim 12, wherein calculating the
initial vector size according to the empirical formulation
includes:

calculating memory usage per iterator as a sum of input

data size to the iterator, output data size, processing
size, and overhead;

calculating memory usage per segment as a sum of

memory usage for all iterators of the segment;
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selecting a best fit size for the vector as a minimum
between the memory usage per segment and a data
cache size; and

selecting the initial vector size as a minimum between the

best fit size and a pre-determined value to amortize cost
per row overhead.

14. The method of claim 8, wherein the query plan tree
includes a plurality of pipeline and non-pipeline iterators,
and wherein the query plan tree is segmented at each
non-pipeline iterator.

15. An apparatus configured for adaptive vector size
selection for vectorized query execution, the apparatus com-
prising:

a processor; and

a computer readable storage medium storing program-

ming for execution by the processor, the programming
including instructions to:
collect processor counters at run-time during a vectorized
query execution for a query plan tree, wherein the
query plan tree is split into a plurality of segments;

calculate an initial vector size for each of the plurality of
segments;

assign a vector size to each of the plurality of segments,

wherein assigning the vector size to each of the plu-
rality of segments comprises assigning the initial vector
size to each of the plurality of segments;

modify the vector size for at least one of the plurality of

segments according to the collected processing unit
counters;

upon determining satisfactory performance or timing out

of the vectorized query execution, determine whether
the modified vector size is substantially different than
an initial vector size used at a start of the vectorized
query execution; and

upon determining that the modified vector size is sub-

stantially different than the initial vector size, selecting
the modified vector size to start executing subsequent
query plan trees similar to the query plan tree.

16. The apparatus of claim 15, wherein the collected
processing unit counters include at least one of a cache miss
counter for at least one data cache, a last level cache miss
counter, a counter of instructions retired, or a counter of
processor cycles.

17. The apparatus of claim 15, wherein the query plan tree
includes a plurality of pipeline and non-pipeline iterators,
and wherein the query plan tree is segmented at each
non-pipeline iterator.

18. The apparatus of claim 15, the programming includes
further instructions to:

calculate the initial vector size for each of the plurality of

segments; and

wherein the instruction to assign the vector size for each

of the plurality of segments comprises assigning an
initial vector size for each of the plurality of segments.
19. The apparatus of claim 15, wherein the instruction to
modify the vector size for at least one of the plurality of
segments comprises:
upon detecting cache misses exceeding an acceptable
cache miss threshold, decreasing the vector size; and

upon detecting instructions retired exceeding an accept-
able instructions retired threshold, increasing the vector
size.



